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Abstract

The rapid expansion of e-commerce and digital consumer finance has increased the use of Buy Now Pay Later
(BNPL) services in Vietnam, yet liquidity constraints and the perceived usefulness of BNPL in the Mekong Delta
remain little examined. Drawing on an extended TAM-TPB continuance framework, this study investigates how
technological perceptions, financial capability, and contextual factors shape the continued use of BNPL services
among existing users. Data were collected from 295 respondents who had previously used BNPL services and
analyzed using partial least squares structural equation modeling (PLS-SEM). Perceived ease of use and perceived
usefulness significantly strengthen users’ attitudes toward BNPL, while financial literacy positively influences both
attitude and continuance intention. Social influence and promotional programs also have significant positive effects
on the intention to continue using BNPL services. Continuance intention is the strongest direct predictor of continued
use behavior, and attitude and continuance intention sequentially mediate the effects of cognitive and contextual
factors on continued use. The findings contribute to the BNPL literature by focusing on post-adoption behavior
in an emerging market context and offer practical implications for providers seeking to promote more sustainable
BNPL use. The study is limited by its cross-sectional design, its self-reported measures, and a regional sample of
existing BNPL users in the Mekong Delta.
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1. Introduction

In the era of digital transformation, when e-commerce and digital payment methods are expanding rapidly in Vietnam,
the BNPL service has become an essential consumer financial tool that allows customers to obtain products and services
without full payment at the time of purchase. As BNPL services become more embedded in online shopping routines,
understanding what drives their continued use among existing users is increasingly important for both service providers
and policymakers [1]. The growth of BNPL services offers significant business opportunities for fintech companies and
retailers, but it also raises important questions about how existing users evaluate and continue using these services over
time [2].
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For existing users, the key issue is no longer whether they adopt BNPL for the first time, but whether they intend
to continue using it and translate that intention into actual repeated use. BNPL can also increase the risk of over-
indebtedness and early default if credit assessment processes are not rigorous enough [3], [4]. For the Mekong Delta
region, analyzing the factors that determine the use of BNPL services in the local socio-economic context is of particular
practical importance [5]. From a theoretical standpoint, the Mekong Delta provides a useful boundary condition for
understanding the continued use of technology-enabled consumer credit. The region combines rapid growth of digital
commerce with persistent frictions in rural and semi-urban access to formal credit, where informal lending and collateral
constraints remain salient [6], [7]. BNPL, as a point-of-sale short-term credit product, can relax liquidity constraints
and support installment-based purchases, but prior evidence shows heterogeneous effects on spending patterns and
financial health [8], [9]. Vietnam’s retail e-commerce market reached about US$25 billion in 2024 [10], making BNPL
decisions increasingly intertwined with digital shopping contexts. Examining BNPL in the Mekong Delta therefore
allows us to explain how financial capability and contextual conditions shape the translation from continuance intention
(IU) into actual continued use among existing users.

Existing studies at both national and international levels have contributed significantly to understanding the determinants
of BNPL intention and behavior. Researchers have investigated aspects such as perceived benefits and risks, ease of use,
and social influence (SI), and work in Vietnam has identified an inverse relationship between risk knowledge and risky
BNPL behavior among students [11]. Other studies have focused on personal characteristics including innovativeness,
debt tendency, and family borrowing history [12], digital financial literacy [13], or have applied the Unified Theory
of Acceptance and Use of Technology (UTAUT) framework to identify the role of performance expectancy, effort
expectancy, and materialism. Several research gaps remain. Prior BNPL studies have predominantly focused on initial
adoption intentions, with limited attention to the factors that sustain continued use among existing users, particularly
in emerging regional markets [14]. Three gaps motivate this study. First, the Mekong Delta represents a context in
which liquidity constraints and informal credit practices may shape how existing users evaluate the usefulness and
affordability of BNPL over time. Second, continuance intention does not always translate into actual repeated usage,
and this intention-behavior gap may depend on users’ financial literacy (FL) and their ability to manage repayment
obligations [15], [16]. We therefore conceptualize FL as a capability that helps consumers evaluate BNPL terms and
manage repayments, shaping both intention formation and how consistently intentions translate into usage [17], [18].
Third, limited research has examined BNPL continuance behavior through a post-adoption lens, even though repeated
use is conceptually different from initial adoption and requires a different theoretical explanation.

The primary aim of this study is to examine how technological, social, and financial factors shape existing users’ attitudes
(AT), continuance intention, and continued use behavior (UD) for BNPL services in the Mekong Delta, Vietnam. More
specifically, the study explains how perceived usefulness (PU), perceived ease of use (PE), FL, SI, and promotional
programs (PP) influence repeated BNPL use through the sequential roles of AT and IU. The study develops an extended
TAM-TPB continuance framework in which the Technology Acceptance Model (TAM) explains technology-related
evaluations, while the Theory of Planned Behavior (TPB) explains attitude, social influence, continuance intention,
and the translation of intention into repeated BNPL use. The research combines qualitative and quantitative methods,
and the quantitative data are analyzed using partial least squares structural equation modeling (PLS-SEM) to examine
causal pathways among variables [19]. The results advance theoretical understanding by explaining continued BNPL
use among existing users in an emerging market context and by clarifying how cognitive, financial, and contextual
factors translate into repeated behavior through AT and IU. The study offers data-driven recommendations that
can help improve marketing strategies, strengthen credit risk management, and develop policies tailored to consumer
behavior in the Mekong Delta. These insights are expected to reduce the risk of consumer over-indebtedness, improve
the performance of BNPL services, and support the balanced development of digital finance in regional areas.

The paper is structured as follows. Section 2 provides an overview of the theoretical foundation and presents the
hypotheses developed for the study. Section 3 details the research methodology and design process. Section 4 presents
the findings and Section 5 interprets them. Section 6 sets out the managerial implications and theoretical contribution,
and Section 7 summarizes the main conclusions and recommendations.

2. Theoretical Background and Hypotheses Development

2.1. Theoretical Background

2.1.1 Technology Acceptance Model

The TAM explains technology acceptance and use through users’ cognitive evaluations, particularly PU and PE, which
serve as central determinants of subsequent behavioral responses [20]. When a technology is perceived as easy to
operate, users are more likely to regard it as beneficial, thereby strengthening favorable evaluations and subsequent
usage [21].
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This evaluative mechanism is also reflected in extended TAM applications, in which PE and PU contribute to the
formation of users’ attitudes and behavioral intentions toward technology [22]. In the context of digital financial services
such as BNPL, TAM is particularly relevant because existing users are more likely to maintain favorable attitudes
when the service continues to provide practical value and remains easy to navigate in routine transactions [23].

2.1.2 Theory of Planned Behavior

The TPB explains behavior through a process in which attitude toward the behavior, subjective norms, and perceived
behavioral control shape behavioral intention, which subsequently contributes to actual behavior [24]. This framework
is particularly useful for explaining how individuals translate their evaluations, social expectations, and perceived
ability to act into behavioral intentions and subsequent actions [25]. Consistent with this behavioral logic, recent
integrated technology-adoption research has shown that attitude, social influence, and perceived control can complement
technology-related beliefs in explaining intention and technology use [21], [22]. In digital financial contexts, these
mechanisms are particularly relevant because users’ decisions are shaped not only by functional evaluations of the
technology but also by social expectations and their willingness to continue using the service [23].

2.1.3 Integrated TAM-TPB Continuance Framework

This study integrates selected constructs from TAM and TPB to explain continued BNPL use among existing users.
TAM provides the basis for examining how PU and PE shape users’ attitudes toward BNPL, whereas TPB explains how
AT and SI contribute to IU and how intention is translated into UD. FL and PP are incorporated as context-relevant
extensions that capture financial capability and market influences on BNPL continuance.

2.2. Hypotheses Development

2.2.1 Perceived Usefulness and Attitude

PU is a primary cognitive antecedent of a positive attitude toward technology use. The theory posits that favorable
attitudes arise when individuals believe that technology enables better outcomes or more efficient work [26]. Empirical
evidence consistently corroborates this link across varied contexts, including QR code mobile payments [27], students’
online self-learning [28], [29], online shopping [30], [31], and the adoption of artificial intelligence chatbots [32]. In
digital financial services such as BNPL, PU is directly tied to expected financial and functional value, encouraging
positive attitudes when consumers believe in concrete benefits such as spending flexibility or the ability to satisfy
immediate needs [29]. Several studies show that PU significantly and positively influences attitudes and intentions to
use these services [31], [33]. Based on this rationale, the following hypothesis is proposed:

H1: PU has a direct positive effect on users’ attitude toward BNPL services.

2.2.2 Perceived Ease of Use and Attitude

PE is an important cognitive antecedent of a positive attitude because users respond favorably when technology enables
task completion more efficiently with less effort [26]. Empirical evidence shows that PE affects attitude both directly
and indirectly through system quality and performance perceptions, particularly in financial services and payment
contexts [13], [34], [35]. In fintech and BNPL settings, PE often predicts attitude and intention positively and raises
PU, because systems that are easier to use are perceived as more useful [29]. Some recent studies on BNPL report that
PE may not significantly influence intention and can even show a negative effect, reflecting familiarity with traditional
methods and the time needed to build trust [31]. Based on this synthesis, the following hypothesis is proposed:

H2: PE has a direct positive effect on users’ attitude toward BNPL services.

2.2.3 Financial Literacy and Attitude

FL is a fundamental determinant of customers’ financial attitudes. Evidence indicates that a stronger level of financial
understanding improves confidence in managing financial decisions and promotes positive attitudes toward spending,
saving, and investing. It also strengthens the intention to accept new financial services such as fintech and BNPL [31],
[36], [37]. The primary mechanism is greater perceived control and lower distrust toward financial institutions and
products, which supports an open stance and a willingness to adopt novel tools [38], [39].
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In fintech contexts, FL not only exerts a direct positive effect on attitude but also indirectly moderates behavioral
biases such as risk aversion and overconfidence. This moderation reduces negative attitudes and increases acceptance of
new technologies, confirming the several roles FL plays in shaping financial attitudes [39], [40]. Based on this rationale,
the following hypothesis is proposed:

H3: FL has a direct positive effect on users’ attitude toward BNPL services.

2.2.4 Financial Literacy and Continuance Intention

FL is an important factor influencing customers’ behavioral intentions in financial decision-making, although the
strength of direct or indirect effects may vary depending on context and service type. Sobaih and Elshaer [41] report
that FL positively affects risk investment intention through mediators in the TPB, including subjective norms and
perceived behavioral control, while personal attitude does not play a significant mediating role. Similarly, Irena and
Agus [42] indicate that perceived FL does not directly drive the intention to use BNPL services but influences attitude
and perceived behavioral control through trust, thereby indirectly forming usage intention. Bacha et al. [43] also
confirm that digital FL serves as a key determinant of the intention to adopt digital financial services by strengthening
trust, building self-confidence, and lowering perceived risk. Studies on BNPL by Retnaningrum and Sundari [44] and
Ainy et al. [45] highlight the indirect and moderating role of FL through financial management, risk perception, and
perceived benefits, particularly among Generation Z. The following hypothesis is therefore proposed:

H4: FL has a direct positive effect on users’ continuance intention toward BNPL services.

2.2.5 Attitude and Continuance Intention

Attitude is regarded as a core predictor of customers’ intention to use services [46], [47]. Attitude, described as how
individuals form positive or negative judgments about a particular behavior, directly affects behavioral intention
through emotions, beliefs, and perceptions of benefits, risks, and behavioral control [31], [48]. Empirical evidence
indicates that a positive attitude toward BNPL or pay later services increases IU, whereas a negative attitude, for
example due to high perceived risk, reduces usage intention [29], [31]. Regression and structural modeling analyses
confirm a positive and statistically meaningful relationship between attitude and intention [31], [46], [48]. Based on
this evidence, the study formulates the following hypothesis:

H5: AT has a direct positive effect on users’ continuance intention toward BNPL services.

2.2.6 Social Influence and Continuance Intention

Based on foundational behavioral theories and prior research, the relationship between SI and customers’ intention to
use services is proposed to be positive and significant. Within the TPB framework, SI reflects perceived pressure from
significant others, including family, friends, colleagues, and the social environment, affecting whether an individual
performs or refrains from a particular behavior [46], [47]. Recent empirical studies in the context of BNPL and pay
later systems such as SPayLater indicate that SI promotes customer intention. Consumers tend to observe, learn,
and comply with the behaviors of their social groups, especially when significant others share positive experiences or
behavioral expectations [29], [31], [33]. Quantitative analyses reveal a positive and significant relationship between SI
and intention, indicating that perceived encouragement from important others increases customers’ intention. The
following hypothesis is therefore proposed:

H6: SI has a direct positive effect on users’ continuance intention toward BNPL services.

2.2.7 Promotional Programs and Continuance Intention

PP have been recognized as an important determinant of customer intention, including purchase intention and impulse
buying. According to Goaill et al. [49], marketing promotion efforts such as advertising, direct selling, and sales
incentives exert positive and significant impacts on purchase and repurchase intentions, although perceived potential
harm may lessen this effect for first-time buyers. Similarly, Helmi et al. [50] show that online sales promotions stimulate
customer purchase decisions and strengthen brand image, although brand image does not significantly mediate this
relationship. Studies by Chen et al. [51] and Firdaus and Firmansyah [52] indicate that price promotions and discount
packages create a sense of savings and increase purchase readiness, especially among impulsive buyers.
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Octafehili et al. [53] and Indiani et al. [54] further show that promotions directly stimulate impulse buying and activate
positive emotions, thereby influencing purchase intention. Based on theoretical rationale and empirical evidence, the
following hypothesis is proposed:

H7: PP have a direct positive effect on users’ continuance intention toward BNPL services.

2.2.8 Continuance Intention and Continued Use Behavior

Continuance intention is considered a central predictor of continued use behavior, particularly in digital financial
services such as BNPL. Several studies show that behavioral intention positively and significantly affects actual usage
behavior [55], [56]. TPB-based studies confirm that purchase intention, shaped by attitude, subjective norms, and
perceived behavioral control, directly influences pay later service usage, especially among Millennials and Generation
Z [57]. Research emphasizes that when consumers express an intention to use or decide to purchase a product or
service, they tend to translate that intention into actual behavior, thereby reinforcing customer decisions [47]. Purchase
intention serves not only as a psychological indicator but also as a reliable determinant of real usage behavior, which
points to the importance of designing marketing strategies and user experiences that strengthen intention. Drawing on
both theoretical reasoning and empirical findings, this study proposes the following hypothesis:

H8: IU has a direct positive effect on continued use behavior.

The proposed research model, showing all eight hypothesized relationships, is presented in Figure 1.
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Figure 1: Proposed research model. PU: perceived usefulness; PE: perceived ease of use; FL: financial literacy; SI:
social influence; PP: promotional program.

3. Methodology

3.1. Research Design, Target Population, and Sample

This study adopts a mixed-method design to explore and verify the factors influencing the continued use of BNPL
services among existing users in the Mekong Delta region of Vietnam.

The qualitative phase was conducted first to explore relevant concepts and ensure the appropriateness of the measurement
scales within the cultural and financial behavior context of Vietnam. Information was gathered through in-depth
interviews with 12 experts in finance, fintech, e-commerce, and consumer behavior, conducted in person in Can Tho
City. Experts were selected purposively based on their professional experience in these fields, and each participant had
substantial practical or academic knowledge relevant to BNPL services.
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The interviews followed a semi-structured format and focused on identifying salient cognitive, attitudinal, social, and
financial factors that may shape continued BNPL use in the Vietnamese context. Interview transcripts were coded
thematically, and recurring themes were used to refine construct definitions, adjust item wording, and improve the
contextual relevance of the final survey instrument.

The quantitative phase was conducted to test the theoretical model and hypotheses established in the qualitative
phase. Only respondents who confirmed that they had used a BNPL service at least once prior to the survey were
eligible to participate. Quantitative data were collected using a structured questionnaire based on a 5-point Likert
scale (1 = strongly disagree, 5 = strongly agree). The questionnaire was pre-tested with 30 respondents to ensure
clarity, reliability, and semantic appropriateness before being administered through both online and offline channels.

The survey subjects included consumers in the Mekong Delta region (Can Tho, Vinh Long, An Giang, Ca Mau,
and Dong Thap) who had used a BNPL service at least once before the survey. A purposive sampling technique
was applied to guarantee the appropriateness of the selected respondents. A total of 295 usable questionnaires were
obtained and incorporated into the analysis. Incomplete questionnaires, duplicate responses, and patterned responses
indicating insufficient engagement were excluded before the final analysis. Following the commonly used 10-times rule
for PLS-SEM, the minimum sample size should be at least ten times the largest number of structural paths directed
at any endogenous construct. In the proposed model, IU receives the largest number of incoming paths, with four
predictors (AT, FL, SI, and PP), resulting in a minimum sample size of 40. The final sample of 295 respondents
therefore substantially exceeds this requirement [19].

3.2. Measurement Scales and Observed Variables

The measurement scales were developed based on international scholarly research and adapted to the local context
through insights from the qualitative phase. The latent variables in the model are as follows. PU was adapted from
Davis [26] and Tuan et al. [31]. PE was adapted from Davis [26], Orientani and Kurniawati [29], and Nguyen et al.
[35]. FL was adapted from Aftab et al. [39]. AT was adapted from Ajzen [24] and Tuan et al. [31]. SI was adapted
from Orientani and Kurniawati [29]. PP was adapted from Helmi et al. [50] and Goaill et al. [49]. IU was adapted
from Fatmawati and Suwardi [47] and Chamuditha and Colombage [33]. UD was adapted from Azmi et al. [56] and
Cao [55] and represents respondents’ continued use of BNPL services after initial adoption. The full item wording is
reported in Table A1.

3.3. Data Analysis

Survey data were analyzed using PLS-SEM in SmartPLS 3.0. The analysis followed a two-step procedure.

Step 1, measurement model assessment. Reliability of the scales was examined using Cronbach’s alpha (CA) and
composite reliability (CR). Convergent validity was assessed using average variance extracted (AVE), and discriminant
validity of the latent variables was evaluated using the heterotrait-monotrait ratio (HTMT) and the Fornell-Larcker
criterion. Model fit was further evaluated using SRMR, d_ULS, d_G, and NFI in accordance with [58] and [59].

Step 2, structural model assessment. Hypotheses and causal relationships among variables were tested using bootstrap-
ping with 5,000 resamples to estimate path coefficients, T-values, and significance levels (P-values). The strength of
relationships was determined using the coefficient of determination (R2) and the effect size (f2), which provide insight
into the explanatory power and reliability of the research model.

Given the reliance on a single self-report survey, we incorporated procedural and statistical remedies to assess common
method bias [60]. Procedurally, the questionnaire assured anonymity, emphasized that there were no right or wrong
answers, and separated predictor and criterion blocks to reduce evaluation apprehension. Statistically, we conducted a
one-factor check and examined full-collinearity diagnostics, including VIF-based checks, as recommended in the recent
common method bias literature [61]. The statistical checks did not indicate a serious common method bias problem, as
no dominant single factor emerged and the full-collinearity VIF values remained below the recommended threshold.

4. Results

4.1. Respondent Demographic Profiles

Table 1 sets out the demographic profile of the 295 participants surveyed. In terms of gender, females accounted for
53.9% and males for 46.1%, indicating a relatively balanced distribution while suggesting that women may show greater
interest in BNPL services. Regarding age, respondents aged 18–24 made up the largest segment at 59.7%, followed by
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those aged 25–34 at 24.4%.

Older groups accounted for only 10.5% (35–44 years) and 5.4% (45 and above), indicating that BNPL remains
predominantly attractive to younger consumers. Concerning educational attainment, most respondents had completed
college or university (72.2%), followed by postgraduate education at 18.0% and middle school or high school education at
9.8%. This finding suggests that BNPL services are mainly accessed by highly educated consumers, which is consistent
with their ability to use technology and engage in e-commerce. Regarding occupation, more than half were students
(50.5%), followed by office staff (31.2%) and self-employed individuals (18.3%), which reflects the prevalence of BNPL
among young consumers with high spending needs but limited financial stability.

Regarding online shopping frequency, the majority reported shopping one to three times per month (39.3%), followed
by four to six times per month (24.7%) and once every few months (20.3%). A further 15.6% reported shopping more
than six times per month, indicating that BNPL is integrated into the regular consumption habits of a segment of
customers. In terms of income, the largest proportion of respondents earned 3–5 million VND per month (34.2%)
and 5–10 million VND (27.8%), whereas high-income respondents earning over 10 million VND accounted for only
12.5%. These results suggest that BNPL is particularly appealing to low- and middle-income consumers because of the
financial flexibility it provides.

Finally, regarding the types of goods most frequently purchased via BNPL, fashion items dominated (46.1%), followed
by electronics and household appliances (26.1%), while cosmetics (19.0%) and books or stationery (8.8%) accounted
for lower proportions. These findings indicate that BNPL is mainly used to purchase everyday consumer goods and
medium to high-value items, in line with the consumption behaviors of younger users within the Mekong Delta region.

Table 1: Descriptive statistics of survey participants (N = 295).

Variable Category Frequency Percent

Gender Male 136 46.1
Female 159 53.9

Age 18–24 176 59.7
25–34 72 24.4
35–44 31 10.5
45 and above 16 5.4

Education Middle school or high school 29 9.8
College or university 213 72.2
Postgraduate 53 18.0

Occupation Student 149 50.5
Office staff 92 31.2
Self-employed 54 18.3

Online shopping frequency Once every few months 60 20.3
1–3 times per month 116 39.3
4–6 times per month 73 24.7
More than 6 times per month 46 15.6

Average monthly income Under 3 million VND 75 25.4
3–5 million VND 101 34.2
5–10 million VND 82 27.8
Over 10 million VND 37 12.5

Goods most often bought with BNPL Fashion (clothing, footwear, accessories) 136 46.1
Electronics and home appliances 77 26.1
Cosmetics and beauty products 56 19.0
Books and stationery 26 8.8

4.2. Measurement Validity and Reliability

Table 2 reports the outcomes of the measurement model evaluation, assessed using factor loadings, CA, CR, AVE, and
VIF. CA coefficients ranged from 0.740 (AT) to 0.933 (PU), exceeding the acceptable threshold of 0.70 [62]. CR values
ranged between 0.852 (AT) and 0.946 (PU), which demonstrates strong internal consistency across the constructs. All
retained factor loadings were greater than 0.70, ranging from 0.720 to 0.898, showing that the measured indicators
capture their corresponding latent constructs. Items AT2, AT3, AT4, and IU3 did not meet the reliability criteria and
were removed from the model. This refinement reduced the AT scale to three retained items, indicating that several
original indicators did not adequately represent the construct and were excluded to improve measurement quality. The
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AVE values ranged from 0.564 to 0.730, all exceeding the 0.50 benchmark, which supports convergent validity [63].

Although the IU construct (AVE = 0.607) and the UD construct (AVE = 0.564) had slightly lower AVE values than
the others, both remain acceptable. The VIF values ranged from 1.392 to 3.702, all below 5, confirming no serious
multicollinearity. Taken together, these findings verify that the measurement model demonstrates adequate reliability
and validity, offering a sound basis for the structural model testing that follows.

Table 2: Measurement model evaluation.

Construct Indicator Loading CA CR AVE VIF

Perceived usefulness (PU) PU1 0.839 0.933 0.946 0.715 2.545
PU2 0.833 2.622
PU3 0.822 2.316
PU4 0.872 2.964
PU5 0.898 3.702
PU6 0.774 2.025
PU7 0.874 3.109

Perceived ease of use (PE) PE1 0.874 0.918 0.936 0.709 2.951
PE2 0.849 2.637
PE3 0.837 2.407
PE4 0.853 2.797
PE5 0.824 2.479
PE6 0.814 2.223

Attitude (AT) AT1 0.806 0.740 0.852 0.658 1.473
AT5 0.843 1.619
AT6 0.784 1.392

Social influence (SI) SI1 0.797 0.926 0.942 0.730 2.092
SI2 0.846 2.561
SI3 0.870 2.983
SI4 0.883 3.235
SI5 0.884 3.172
SI6 0.843 2.410

Promotional program (PP) PP1 0.823 0.896 0.923 0.707 2.108
PP2 0.865 2.661
PP3 0.827 2.058
PP4 0.887 2.753
PP5 0.801 2.020

Financial literacy (FL) FL1 0.822 0.906 0.928 0.681 2.351
FL2 0.824 2.248
FL3 0.870 2.581
FL4 0.835 2.397
FL5 0.811 2.112
FL6 0.788 1.955

Continuance intention (IU) IU1 0.789 0.784 0.861 0.607 1.555
IU2 0.784 1.584
IU4 0.817 1.650
IU5 0.723 1.429

Continued use behavior (UD) UD1 0.721 0.807 0.866 0.564 1.490
UD2 0.720 1.514
UD3 0.818 1.757
UD4 0.724 1.470
UD5 0.768 1.622

Table 3 presents the outcomes of the model fit assessment, which show that the model reached an acceptable degree of
goodness of fit. The SRMR value for the estimated model was 0.053, below the suggested upper limit of 0.08 [58],
indicating a satisfactory alignment between the model and the empirical data. Compared with the saturated model
(SRMR = 0.046), the SRMR for the estimated model showed a slight increase. This is expected, because the saturated
model captures all potential relationships while the estimated model is constrained by the hypothesized structure, and
the findings remain within acceptable standards. The d_ULS value for the estimated model was 2.494, slightly higher
than that of the saturated model (1.871). This metric represents the level of discrepancy between the two covariance
matrices derived using the unweighted least squares method.
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Although higher values indicate greater deviation between the model and observed data, no fixed threshold exists for
this index, so it should be interpreted together with other fit indicators. The d_G index for the estimated model
was 0.703, lower than the recommended ceiling of 0.95 [59], which confirms an acceptable model fit. The chi-square
value of the estimated model (1163.710) was marginally greater than that of the saturated model (1127.917), a pattern
commonly observed because the chi-square statistic is sensitive to sample size. The NFI score of the estimated model
reached 0.854, which, while slightly below that of the saturated model, remains close to the 0.90 benchmark proposed
by Bentler and Bonett [64] and implies a reasonably adequate fit. These indicators suggest that the proposed model
shows an acceptable level of fit for further structural analysis, although model fit in PLS-SEM should be interpreted
cautiously and complemented by predictive assessment.

Table 3: Model fit analysis.

Index Saturated model Estimated model

SRMR 0.046 0.053
d_ULS 1.871 2.494
d_G 0.676 0.703
Chi-square 1127.917 1163.710
NFI 0.859 0.854

The outcomes of the HTMT evaluation in Table 4 show that all computed values remain under the threshold of 0.85
[65]. Although the associations between AT and PE (0.561) and between UD and IU (0.651) are comparatively stronger
than those among other construct pairs, they still fall within the acceptable limit, which supports the discriminant
validity of the measurement constructs. This finding confirms that the constructs analyzed in this research are clearly
differentiated, with no indication of conceptual overlap.

Table 4: Heterotrait-monotrait ratio (HTMT).

AT FL IU PE PP PU SI UD

AT
FL 0.351
IU 0.464 0.535
PE 0.561 0.054 0.134
PP 0.064 0.040 0.405 0.088
PU 0.467 0.057 0.177 0.049 0.050
SI 0.083 0.092 0.360 0.062 0.074 0.063
UD 0.329 0.466 0.651 0.058 0.246 0.105 0.346

The results of the Fornell-Larcker criterion assessment in Table 5 show that the square roots of the AVE values for each
construct exceed their corresponding correlations with other constructs. The AVE square root for AT equals 0.811,
surpassing its correlation coefficients with FL (0.291), IU (0.352), PE (0.464), PP (−0.019), PU (0.391), SI (−0.066),
and UD (0.258). These findings validate the discriminant validity of the constructs within the model and suggest that
each construct is represented by its own set of measurement indicators and does not overlap conceptually with the
others.

Table 5: Fornell-Larcker criterion. Diagonal values in bold are the square roots of AVE.

AT FL IU PE PP PU SI UD

AT 0.811
FL 0.291 0.825
IU 0.352 0.459 0.779
PE 0.464 −0.015 0.112 0.842
PP −0.019 0.000 0.347 −0.076 0.841
PU 0.391 0.033 0.148 0.031 0.001 0.845
SI −0.066 0.086 0.308 −0.014 −0.050 −0.051 0.855
UD 0.258 0.405 0.526 0.012 0.214 0.070 0.298 0.751
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4.3. Structural Model Assessment

The R2 values in Table 6 show the extent to which the independent variables account for variation in the dependent
constructs. AT (0.439), IU (0.483), and UD (0.277) all exceed the threshold of 0.25 [19], with IU showing the highest
R2, indicating that the predictors collectively explain 48.3% of the variance in continuance intention. AT displays a
moderate explanatory capacity (43.9%), while UD reflects a lower but still acceptable level (27.7%). These findings
suggest that the proposed framework captures and clarifies consumer behavioral patterns in the context of BNPL
continuance.

Table 6: Coefficient of determination.

Construct R2 Adjusted R2

AT 0.439 0.433
IU 0.483 0.476
UD 0.277 0.274

Table 7 reports the f2 values used to evaluate how each independent variable contributes to explaining the variance of
the dependent constructs. Following Cohen [66], f2 values of 0.02, 0.15, and 0.35 are interpreted as small, medium,
and large effects. PE exerts a substantial influence on AT with an f2 of 0.372, indicating that PE plays a vital role in
shaping attitudes toward BNPL services. PU contributes a medium effect on AT (0.241), while FL registers a small
effect on AT (0.146) and a medium effect on IU (0.216). AT influences IU with an f2 of 0.135, a small effect whose
magnitude approaches the conventional threshold for a medium effect. PP affects IU (0.261) and SI affects IU (0.189),
both reflecting medium levels, which emphasizes the contribution of external factors in shaping behavioral intention.
IU strongly predicts UD with an f2 of 0.382, surpassing the 0.35 benchmark and demonstrating that intention serves
as a key determinant of actual behavior.

Table 7: Effect size (f2) for each structural path.

Path f2 Interpretation

PU → AT 0.241 Medium
PE → AT 0.372 Large
FL → AT 0.146 Small
AT → IU 0.135 Small
FL → IU 0.216 Medium
SI → IU 0.189 Medium
PP → IU 0.261 Medium
IU → UD 0.382 Large

Figure 2 and Table 8 present the direct relationships among the variables in the model. All hypotheses (H1 to H8) are
supported, with P-values below 0.001 and T-statistics well above the threshold of 1.96, confirming the significance of
the path coefficients. PE → AT (path coefficient = 0.457; T = 11.085) represents the strongest relationship affecting
AT, indicating that PE is the most influential factor in shaping a positive attitude. PU → AT (0.368; T = 9.096) and
FL → AT (0.286; T = 6.759) also demonstrate significant positive effects, confirming their roles in attitude formation.
Regarding IU, PP → IU (0.368; T = 9.099) shows the strongest direct effect, followed by FL → IU (0.352; T = 7.860),
SI → IU (0.315; T = 7.802), and AT → IU (0.277; T = 5.739), indicating that these factors contribute significantly to
strengthening continuance intention.

IU → UD (0.526; T = 12.837) represents the strongest relationship in the model and points to the central role of
continuance intention in driving continued use behavior. All direct relationships are statistically significant at P <
0.001, and therefore all corresponding hypotheses are supported.
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Figure 2: Structural model estimated by PLS-SEM. Values on each path are the path coefficient with the bootstrap
T-statistic in parentheses; R2 is reported within each endogenous construct. All paths are significant at P < 0.001.
Outer loadings for the 42 retained indicators are reported in Table 2.

Table 8: Direct relationships between variables in the model.

Path Original Sample Standard T-statistic P-value Result
sample (O) mean (M) deviation (|O/STDEV|)

AT → IU 0.277 0.275 0.048 5.739 0.000 Supported
FL → AT 0.286 0.288 0.042 6.759 0.000 Supported
FL → IU 0.352 0.354 0.045 7.860 0.000 Supported
IU → UD 0.526 0.534 0.041 12.837 0.000 Supported
PE → AT 0.457 0.458 0.041 11.085 0.000 Supported
PP → IU 0.368 0.368 0.040 9.099 0.000 Supported
PU → AT 0.368 0.369 0.040 9.096 0.000 Supported
SI → IU 0.315 0.320 0.040 7.802 0.000 Supported

Table 9 presents the indirect effects among the variables in the model. PE → AT → IU (0.127; T = 5.267), PU → AT
→ IU (0.102; T = 4.552), and FL → AT → IU (0.079; T = 4.326) are statistically significant, supporting the mediating
role of AT in transmitting the effects of PE, PU, and FL on IU. Regarding the indirect effects on UD, PP → IU →
UD (0.193; T = 7.229) represents the strongest indirect relationship, followed by FL → IU → UD (0.185; T = 6.276)
and SI → IU → UD (0.166; T = 6.334), which points to the mediating role of IU in translating the influence of these
antecedent factors into actual usage behavior. AT → IU → UD (0.146; T = 5.119) confirms that AT also indirectly
affects UD through IU. The sequential indirect pathways involving AT and IU are likewise statistically significant,
including PE → AT → IU → UD (0.067; T = 4.712), PU → AT → IU → UD (0.054; T = 4.254), and FL → AT → IU
→ UD (0.042; T = 3.893).

These findings demonstrate that PE, PU, and FL influence actual usage behavior through a sequential mediation
mechanism in which they first shape AT, which subsequently strengthens IU and ultimately contributes to UD. All
indirect effects reported in Table 9 are statistically significant at P < 0.001, providing strong support for the proposed
mediating mechanisms in the model.

Table 9: Indirect relationships between variables in the model.

Path Original Sample Standard T-statistic P-value
sample (O) mean (M) deviation (|O/STDEV|)

FL → AT → IU 0.079 0.079 0.018 4.326 0.000
PE → AT → IU 0.127 0.126 0.024 5.267 0.000
PU → AT → IU 0.102 0.102 0.022 4.552 0.000
FL → AT → IU → UD 0.042 0.042 0.011 3.893 0.000
PE → AT → IU → UD 0.067 0.067 0.014 4.712 0.000
AT → IU → UD 0.146 0.147 0.028 5.119 0.000
PU → AT → IU → UD 0.054 0.054 0.013 4.254 0.000
FL → IU → UD 0.185 0.189 0.029 6.276 0.000
PP → IU → UD 0.193 0.197 0.027 7.229 0.000
SI → IU → UD 0.166 0.171 0.026 6.334 0.000
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5. Discussion

The findings show that continued BNPL use among existing users in the Mekong Delta is primarily shaped by
technology-related evaluations and financial capability. PE exerts the strongest effect on AT, indicating that users are
more likely to maintain favorable evaluations of BNPL when the service remains simple, convenient, and effortless to use
across registration, checkout, and repayment. PU also positively influences AT, suggesting that existing users continue
to value BNPL when it improves affordability, payment flexibility, and transaction convenience. FL significantly
strengthens both AT and IU, which implies that users with better financial understanding are more confident in
evaluating BNPL terms, planning repayments, and integrating the service into their consumption decisions. Together,
these findings confirm that continued BNPL use is sustained not only by functional value but also by users’ capability
to manage digital credit responsibly.

The results further indicate that IU is influenced not only by AT but also by external contextual factors, particularly
SI and PP. PP show the strongest effect on IU, suggesting that discounts, installment incentives, and checkout-based
offers remain powerful drivers of repeated BNPL use. SI also plays an important role, meaning that encouragement
from peers, family members, and online communities can normalize BNPL and reinforce users’ willingness to continue
using it. Although AT has a positive effect on IU, its impact is weaker than that of PP, FL, and SI, indicating that
repeated BNPL use is highly context-sensitive. Most importantly, IU has the strongest direct effect on continued use
behavior, which confirms that post-adoption BNPL behavior is largely determined by whether users develop a stable
intention to keep relying on the service in future transactions.

The indirect effects provide further insight into the mechanism underlying continued BNPL use. PE, PU, and FL do
not lead directly to repeated behavior; instead, their effects are transmitted through AT and then through IU before
shaping continued use behavior. This sequential process suggests that existing users first form favorable evaluations of
BNPL, then develop a willingness to continue using it, and only afterward translate that willingness into repeated
behavior. The sequential process is consistent with the integrated TAM-TPB framework adopted in this study, in
which technology-related beliefs shape users’ evaluations of BNPL while attitude and contextual factors contribute to
continuance intention, which subsequently translates into continued use behavior. These findings extend TAM and
TPB from initial technology acceptance toward the explanation of repeated BNPL use among existing users. Most
respondents are young, low- to middle-income, and digitally active, and many purchase fashion items and electronics
through BNPL. For this group, BNPL appears to function as a practical payment tool that supports short-term
affordability and consumption flexibility. The findings therefore extend the literature by shifting attention from initial
adoption to post-adoption behavior in an emerging market context.

6. Managerial Implications and Theoretical Contribution

6.1. Managerial Implications

The results indicate that BNPL providers and e-commerce platforms in the Mekong Delta should prioritize responsible
product design and consumer protection while improving service usability and value communication. Firms should
simplify onboarding and payment flows so that registration, checkout, and repayment are intuitive, but they must pair
this convenience with transparent disclosure of installment schedules, fees, and penalties. Practical safeguards include
frictionless yet meaningful affordability checks, clear repayment reminders, and in-app budgeting tools that help users
estimate total costs and anticipate repayment risks.

Given the role that financial literacy plays here in shaping both attitude and continuance intention, integrating
financial education modules and decision aids such as cost calculators, interest or fee simulations, and risk alerts
can strengthen trust and support sustainable adoption, consistent with established financial literacy frameworks [18].
Although SI and promotions remain important for market expansion, promotional intensity should be calibrated and
accompanied by clear disclosures to avoid overstating affordability or encouraging uptake among financially vulnerable
consumers. Because BNPL usage concentrates in fashion, electronics, and household categories, providers should
deepen partnerships in these sectors and develop flexible installment options for higher-value purchases to match young
consumers’ upgrading demand.

6.2. Theoretical Contribution

The study extends the TAM and TPB frameworks to explain continued BNPL use within the context of digital financial
services. Results indicate that PE and PU are foundational factors shaping AT, which in turn directly influences
continuance intention and indirectly influences continued use behavior. Incorporating FL into the model improves its
explanatory power and addresses a variable that has been underexplored, particularly in emerging markets.
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The findings demonstrate that FL affects both AT and continuance intention directly, and continued use behavior
indirectly, which clarifies the mechanisms driving BNPL continuance. The study also sets out the dual mediating roles
of AT and intention, emphasizing the sequential influence from perception to behavior (PU, PE, and FL → AT →
IU → UD). The results further point to the importance of SI and promotions in Vietnamese consumption culture,
suggesting the need to integrate cultural and social factors into future behavioral models.

7. Conclusions

This study examined the factors influencing the continued use of BNPL services among existing users in the Mekong
Delta, Vietnam. The findings show that continued BNPL use is shaped by a combination of technological perceptions,
financial capability, and contextual influences. PE, PU, and FL significantly strengthen users’ attitudes toward BNPL,
while AT, FL, SI, and PP positively affect IU. Among these relationships, IU has the strongest direct effect on continued
use behavior, confirming its central role in translating favorable perceptions and contextual influences into continued
BNPL use. The study also demonstrates significant indirect effects, indicating that the influence of cognitive and
financial factors is transmitted through AT and intention before shaping actual use. The results suggest that continued
BNPL engagement is driven by the interaction between usability, perceived value, financial understanding, and the
broader consumption environment rather than by convenience alone.

In this study, continued use behavior represents post-adoption BNPL use among existing users rather than initial
adoption behavior. By integrating technology-related beliefs, FL, and contextual drivers into a single continuance-
oriented framework, the study provides a broader explanation of how existing users in an emerging market context
decide to sustain BNPL use over time. From a practical perspective, the findings suggest that BNPL providers and
e-commerce platforms should improve service simplicity, communicate value clearly, strengthen financial education, and
design responsible promotional strategies that encourage sustainable repeated use rather than short-term uptake alone.
The study is limited by its cross-sectional design, its self-reported measures, and a regional sample of existing users in
the Mekong Delta. Future research should employ broader samples, longitudinal designs, and behavioral indicators to
validate and extend these findings across different user groups and contexts.
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A. Measurement Items

Table A1: Measurement items and their status after the measurement model assessment.

Construct Code Questionnaire item Final status

Perceived usefulness
(PU)

PU1 Using BNPL makes it easier for me to make payments. Retained

PU2 Using BNPL helps me manage my finances better through flexible
payment options.

Retained

PU3 Using BNPL provides me with many benefits. Retained
PU4 BNPL services can meet my needs. Retained
PU5 I find BNPL services useful during shopping. Retained
PU6 Using BNPL services makes it easier for me to purchase products. Retained
PU7 Using BNPL services makes my life easier. Retained

Perceived ease of use
(PE)

PE1 I find Buy Now Pay Later services easy to use. Retained

PE2 Learning to use BNPL services proficiently is quite easy for me. Retained
PE3 My interaction with the BNPL payment process is generally clear

and easy to understand.
Retained

PE4 Instructions for using BNPL services are clear and easy to follow. Retained
PE5 Paying with BNPL services is very convenient. Retained
PE6 I am able to use BNPL services without difficulty. Retained

Attitude (AT) AT1 I believe that shopping with BNPL is an enjoyable experience. Retained
AT2 I believe that purchasing with BNPL is a reliable way to acquire

products.
Removed

AT3 I believe that using BNPL makes me more willing and confident
to purchase products.

Removed

AT4 I believe that purchasing products through BNPL is a safe method. Removed
AT5 I have a positive attitude toward using BNPL services. Retained
AT6 Overall, I support the use of BNPL services. Retained

Social influence (SI) SI1 People who are important to me think that I should use BNPL. Retained
SI2 BNPL is widely used by people in my community. Retained
SI3 Positive opinions from people around me have influenced me to

use BNPL.
Retained

SI4 My friends and relatives think that using BNPL for shopping is a
good idea.

Retained

SI5 People I follow on social media suggest using BNPL services for
shopping.

Retained

SI6 My peer group encourages the use of BNPL when shopping. Retained

Promotional pro-
gram (PP)

PP1 I am interested in shopping online using BNPL because of low or
zero interest.

Retained

PP2 BNPL frequently offers discounts. Retained
PP3 BNPL frequently offers promotional codes. Retained
PP4 BNPL frequently offers cashback incentives. Retained
PP5 BNPL frequently provides attractive discount programs. Retained

Financial literacy
(FL)

FL1 I have a good understanding of digital payment products such
as electronic debit cards, electronic credit cards, digital money,
online or internet banking, and e-wallets.

Retained

FL2 I understand customer rights and protections, as well as complaint
procedures for digital financial service providers.

Retained

FL3 I am aware of potential financial risks when using fintech, such as
provider legitimacy, interest rates, and transaction fees.

Retained

FL4 I am able to manage financial activities through digital platforms,
such as managing the costs associated with digital financial trans-
actions.

Retained

FL5 I am able to control my financial activities on digital platforms
by evaluating my spending.

Retained

FL6 I act responsibly regarding the amount of money I spend. Retained

Continuance inten-
tion (IU)

IU1 I intend to use BNPL if the cost and time requirements are
reasonable for me.

Retained

IU2 I intend to continue using BNPL more frequently in the future. Retained
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Table A1 continued

Construct Code Questionnaire item Final status

IU3 I will use BNPL when I have a shopping need. Removed
IU4 I will recommend BNPL services to other people. Retained
IU5 I have a strong intention to use BNPL services. Retained

Continued use be-
havior (UD)

UD1 I believe that BNPL services can improve access to online products
and services.

Retained

UD2 I prefer receiving products before completing full payment. Retained
UD3 I am more likely to purchase products when BNPL is available. Retained
UD4 I frequently use BNPL as a payment method compared with other

payment methods.
Retained

UD5 Using BNPL enables me to purchase products that I could not
pay for immediately in full.

Retained
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